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Abstract

This paper employs rich longitudinal data on labour outcomes from a representative

sample of young Mozambicans who were finishing their university studies in 2017. We

decompose an observed large positive gap between their expected starting salaries and the

income realized from the first job obtained within one year of graduation into two main

types of error: (1) a mismatch between the profile of their expected (desired) job and the

actual employment undertaken – e.g., in terms of hours worked, sector or location; and (2)

misinformation regarding the distribution of wages received by individuals with a higher

education degree. Extending previous literature, we show both sources of error are material,

but also that misinformation remains extremely large. This suggests that rates of investment

in higher education may be excessive, at least given current labour market conditions. We

also point to differences in expectational errors by gender and educational experiences,

which point to important heterogeneities in how expectations are formed.



1 Introduction

The importance of labour market expectations is well recognised. Conventional models of
human capital formation presume expectations of future income inform educational investments
(e.g. Betts 1996), both in terms of the quantity of education accumulated (number of years)
but also in terms of its quality and type. For instance, when choosing an area of specialization,
Schweri and Hartog (2017) propose that students make predictions about the future wages paid to
graduates from different courses, and choose the course that may yield the highest net gain. Thus,
if students make education decisions based on subjective expectations that fail to be realized
(on average), we may see systematic over- or under-investment in education (Webbink and
Hartog, 2004). Similarly, since the seminal work by Becker (1964), it is established that income
expectations are likely to inform decisions about whether to remain in an existing job, search for
a job, or accept a particular job offer. So, unless these expectations are correct, individuals may
reject job offers they mistakenly consider to be underpaid or accept job positions for which they
are overqualified.

Following the above, the presence of a systematic gap between expectations and reality is likely to
lead to sub-optimal decision-making and even mis-allocation of talent in the economy. However,
existing evidence regarding the magnitude and direction of any gap between expectations and
reality appears inconsistent. Focussing on university graduates, who are expected to be well-
informed about future labour market conditions relative to (younger) students, some studies find
their future wage expectations are accurate (Merwe, 2011; Webbink and Hartog; 2004); some
studies find expectations are too low (Pfeifer and Witte 2014; Kloßner and Pfeifer 2017); and
others find expectations are too high (Brunello et al. 2001; Jerrim 2008; Jerrim 2011; Gamboa
and Rodriguez-Lesmes 2015; Jerrim 2015; Gamboa García 2016; Abbiati and Barone 2017).
While the latter direction of error finds most support, the vast bulk of this evidence pertains to
rich industrialized countries with high levels of employment and small informal sectors. With
the exception of Gamboa and Rodriguez-Lesmes (2015), who focus on Colombia, no evidence
can be found from countries with less-structured labour markets where, arguably, the systematic
mis-allocation of talent can have more critical consequences.

The aim of this study is to investigate and decompose the gap between labour market expectations
and realized early-career incomes in a developing country context. Concretely, we focus on the
case of Mozambique, a low income country located in south East Africa. In 2017 we undertook
a representative survey of final year students across the six largest public and private universities,
collecting data on personal characteristics, educational and professional histories, cognitive
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abilities and labour market expectations. We then re-contacted the same individuals four times
over the subsequent year (quarterly), when most had entered the labour market, on each occasion
collecting data on their employment situation. The research design allows us to distinguish
between different kinds of expectational errors, namely: (a) errors relating to over/under-
estimates of wages across occupations (information errors); and (b) errors relating to securing
both employment within an expected period of time and a job with desired characteristics
(matching errors).

As such we make three main contributions. First, we provide the first (to our knowledge)
systematic evidence on expectational errors for a low income country with a small formal sector.
Second, we add to the literature by collecting longitudinal data, thereby avoiding concerns with
the majority of existing studies that compare wage expectations and realizations from different
samples. Third, the proposed error decomposition is new and helps inform where and how
policy-makers might focus in order to reduce gaps between expectations and reality among
future university cohorts.

Our main finding is that expectational errors are large and positive – on average, individuals
achieve a starting salary that is around half of what they had expected. [To expand].

2 Background and literature

[To be done]

3 Data

Information on the sample and baseline data is available in the following report: « baseline
report ».
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4 Methods

To undertake the error decomposition we presume the natural logarithm of labour income can be
modelled via a Mincerian or hedonic function of the following form:

lnwi = φi + µ+ δt+ Ziβ +Hiγ + εit (1)

where w is the wage (income), Z is a vector of fixed observed individual characteristics, H is
a vector of (time-varying) occupational characteristics and t is a time index. In the baseline
survey we have information on subjective expectations concerning both future wage income
(in first employment) and the desired type of employment, as well as individual characteristics.
Treating the latter as information which forms the basis for stated wage expectations, it follows
a (population) model for the stated point estimate of the future wage expected to be realized at
time te is given from (1) as:

lnwe
itei

= φe
i + µe + δetei + Ziβ

e +He
itei
γe + εeitei (2)

where superscript e denotes that the parameters refer to the distribution of expected wages or
occupational characteristics; and we allow te to vary across individiuals in line with differences
in the time expected to find a job. This formulation is in the spirit of Dominitz (1998), who
highlight that stated future wage expectations are not only individual-specific but they are also
conditional on achieving some form of employment (with particular characteristics). The point
here is that we explicitly allow for the conditional form of such stated expectations in the present
specification (2), setting the values of te, He to stated individual expectations.

On entering the labour market, a proportion of individuals accept employment offers and in
turn report data on their wage income, as well as the characteristics of the job, neither of which
necessarily matches with the earlier expectations. Thus, the realized counterpart to (1) at time tr

is now:

lnwr
itri

= φr
i + µr + δrtri + Ziβ

r +Hr
itri
γr + εritri (3)

where r refers to realizations.
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Using the above, the gap between realized and expected (log.) wage income is simply:

lnwr
itri
− lnwe

itei
= (φr

i − φe
i ) + (µr − µe)

+ Zi(β
r − βe)

+ (tri − tei )δr + tei (δ
r − δe)

+ (Hr
itri
−He

itei
)γr +He

itei
(γr − γe)

+ (εritri − ε
e
itei

)

Or, in a more simplified form we have:

∆ lnwit = ∆µ+ Zi∆β + tei∆δ +He
itei

∆γ

+ ∆tiδ
r + ∆Hitγ

r

+ ∆φi + ∆εit

This model represents a generalization of the decomposition in Webbink and Hartog (2004) who
implicitly assume that all labour market expectations other than wages are satisfied in reality.
That is, in the language of the above model, they assume te = tr ⇔ ∆t = 0 and ∆H = 0;
furthermore, they also treat unobserved individual characteristics as ignorable (conditional on
vector Z). The advantage of the present approach is that we are able to distinguish between
misinformation regarding returns to specific individual or job characteristics, as captured by the
parameters differences in the first line (to be estimated), versus the contribution of mismatching
(or matching failure) of individuals into the type and timing of employment, captured by the
difference in reported variable values in the second line.

Estimation of the above model is undertaken using conventional linear techniques (OLS), as well
as quantile methods. Potential omitted variables bias will be addressed by including observed
proxies for cognitive ability (e.g., based on a Ravens test). Sub-sample selection will also be
considered.

5 Results

A preliminary analysis of the data reveals large differences between realized and expected wages.
This is shown in Figure 1(a), which plots the separate distributions of log. expected salaries
and first reported (realized) salaries. The mean difference between the two is approximately
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Figure 1: Empirical distributions of realized and expected salaries

(a) Cross-sectional densities (b) Individual differences
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Source: own calculations.

0.77 (50%), indicating that early-career salaries are, on average, around half of what students
expected. Figure 1(b) shifts to individual level differences and confirms that the previous result
is not driven by the expected salaries of (optimistic) individuals who are not yet working. Indeed,
the distribution of differences (presented hereafter as realized minus expected) reveals that only
20% of students who found work are receiving a salary at least as large as that they had expected.
Indeed, the mean individual-level difference remains somewhat larger than the cross-section
difference in means at around 1 log. point or just over 60%.

Moving to a decomposition of the error, Table 1 provides a first pass regression analysis of
the expectation error, defined as the difference in realized and expected wages (in log. form).
It shows some systematic tendencies, namely: both females and older students have lower
expectational error; and there are also differences between universities and locations. In
particular, students from two of the private universities (USTM and APOLITECNICA) have
significantly lower expectational errors.
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6 Conclusion

[To be done]
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Table 1: Regression estimates of expectational error
OLS q25 q50 q75

Female 0.11∗∗ 0.17∗∗ 0.06 0.04
(0.05) (0.07) (0.06) (0.08)

Age 0.04∗∗∗ 0.04∗∗∗ 0.03∗∗∗ 0.02∗

(0.01) (0.01) (0.01) (0.01)
Time -0.00 -0.00 -0.00 -0.01∗

(0.00) (0.00) (0.00) (0.00)
UCM -0.02 0.01 0.12 0.08

(0.30) (0.36) (0.33) (0.41)
UNIZAMBEZE -0.25 -0.03 0.04 -0.19

(0.28) (0.35) (0.32) (0.40)
USTM 0.56∗∗∗ 0.77∗∗∗ 0.55∗∗∗ 0.44∗∗∗

(0.09) (0.15) (0.13) (0.16)
UP 0.11∗ 0.09 0.13∗ 0.14

(0.06) (0.08) (0.07) (0.09)
APOLITECNICA 0.46∗∗∗ 0.34 0.35∗ 0.41∗

(0.14) (0.22) (0.20) (0.25)
Gaza -0.69∗∗ -0.98 -0.76 -0.53

(0.33) (0.85) (0.77) (0.96)
Inhambane -0.55∗ -0.77 -0.50 -0.73

(0.30) (0.87) (0.78) (0.98)
Manica 0.15 0.04 -0.10 -0.08

(0.26) (0.90) (0.81) (1.01)
Maputo Cidade -0.45∗ -0.74 -0.38 -0.10

(0.23) (0.78) (0.71) (0.88)
Maputo Província -0.54∗∗ -0.86 -0.43 -0.17

(0.24) (0.79) (0.71) (0.89)
Nampula 0.78∗ -0.58 1.12 1.82∗

(0.43) (0.84) (0.76) (0.95)
Sofala -0.32 -0.70 -0.60 -0.15

(0.25) (0.79) (0.71) (0.89)
Tete -1.41∗∗∗ -1.80∗∗ -1.91∗∗ -1.46

(0.38) (0.91) (0.82) (1.02)
Zambezia 0.06 -0.17 0.33 0.14

(0.37) (0.94) (0.84) (1.05)
Country: Tanzania -0.80∗∗∗ -0.48 -0.64 -0.97

(0.28) (1.35) (1.22) (1.52)
Constant -0.60∗∗ -0.91 -0.64 -0.31

(0.24) (0.79) (0.71) (0.89)

Obs. 1,015 1,015 1,015 1,015
R2 (adj.) 0.08

Notes: q25, q50, q75 are quantile regressions at the indicated quantiles; standard errors in
parentheses.
Source: own estimates.
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