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Abstract

We document the interactions between local violence and one specific category of emigrants,
namely refugees. We combine the UCDP – GED data on local violent events, which provide infor-
mation on the actors involved in violence, with the EPR – ER data, which provide stocks of refugees
by country of origin and destination and by ethnic group, to investigate the relationship between
the stocks of refugees living abroad and the evolution of violence in their homeland between 1989
and 2009. Each observed group of refugees is associated to violent events in which insurgent groups
from the same ethnic background are involved in the home country. This disaggregated approach
allows us to purge the estimated correlation between refugees and violence at home from both fixed
and time-varying country-level characteristics, as well as from ethnic group fixed-effects. Given
the multiple sources of potential endogeneity in the refugees – violence relationship, we implement
an IV strategy exploiting the bilateral nature of the refugee data. Specifically, we instrument the
stock of refugees of a given ethnic group from a given origin country by the weighted stocks of
refugees emanating from different origin countries in the same destinations. Our results point to an
heterogeneity of the impact of refugees on violence intensity, depending on the nature of violence.
Refugees decrease the intensity of one-sided violence, which corresponds to violence of insurgent
groups against citizens, but they tend to positively affect the number of non-state events, which
oppose insurgent groups between them. The impact of refugees on violence involving the State is
unclear. We finally discuss theoretical intuitions helping to understand these results.

JEL classification: D74; F22; O1.
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1 Introduction

Since the beginning of 2015, rising numbers of asylum seekers arriving in the European Union

across the Mediterranean Sea or overland through Southeast Europe, have turned the spotlight to

refugee flows. Most of the asylum seekers were trying to escape war and persecution in countries

such as Syria, Afghanistan, Iraq, Somalia, Sudan. Some were also fleeing the abuses of repressive

states as Eritrea. According to Eurostat, EU member states received over 1.2 million first-time

asylum applications in 2015, more than double that of the previous year. The number of asylum

seekers skyrocketed in neighbouring and transit countries. According to the UNHCR, 84% of the

international refugees of 2016 were living in developing regions. To flee their country of origin,

migrants undertake dangerous journeys, often relying on smuggling networks. According to the

IOM, more than 3,770 migrants were reported to have died trying to cross the Mediterranean in

2015. The sharp increase in the number of asylum seekers, and, congruently, in the number of

migrant deaths, led to the so-called “migrant crisis” or “refugee crisis” which has very regularly

made global headlines over the last years. This crisis crystalized vivid political tensions around

the question of immigration, in front of which analyzing the global consequences of refugee flows

and understanding better how they affect sending and receiving countries appear as very important

challenges for social science research.

We focus here on the impact of refugees on violence in their home country. As emphasized by

Adamson (2016), diasporas have become influential actors in the political scene of the homeland,

and “diaspora politics” are omnipresent all over the world. A rich qualitative literature analyses

the involvement of diasporas in homeland violence, notably in the case of ongoing civil wars (see

for instance Brinkerhoff (2011) for an excellent overview of the literature and broader discussion).

It documents cases of diasporas which have played major roles in the evolution of a conflict in their

homeland – either in a peace-wrecking or in a peace-building sense.

One well-known example is related to the Sri Lankan war, which opposed the Tamil and the

Cinhalese between 1983 and 2009. During the first phase of the conflict, the Tamil diaspora favored

the escalation of violence through massive financial support to its group of origin and a relentless

lobbying activity aimed at mobilizing international opinion (Fair, 2007; Gunaratna, 2003; Orjuela,
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2008). Similarly, the Eritrean and Croatian diasporas have played decisive roles in the independence

wars of their respective countries of origin, in particular by providing funds for the armed struggle

of the secessionist groups (Hockenos, 2003; Fessehatzion, 2005). After the independence, and during

and in the aftermath of the Ethio-Eritrean conflict (1998 – 2000), the Eritrean government even

asked the diaspora members to contribute 2% of their monthly income to the newly formed state

(Fessehatzion, 2005). Such contribution was not compulsory, but largely perceived as a duty (Koser,

2007). In the case of Croatia, Skrbǐs (2000) also notes that financial participation of emigrants was

nearly mandatory, with diaspora resources being used both for fighting in the home country and

campaigning in the host countries to seek support and recognition of the new state. Lobbying has

also been a defining mode of intervention of the anti-Castro Cuban diaspora. Although de facto

unsuccessful, the Cuban diaspora strongly affected the US foreign policy and the ability of the

political regime in the homeland to carry on (Grugel and Kippin, 2007). Other notable examples

of migrants’ involvement in homeland conflict include communities as diverse as the Irish, the

Armenian or the Cambodian diasporas.

Such cases are extensively documented by an important literature in political sciences.1 The

specific role played by refugees has received less attention. According to Al-Ali, Black, and Koser

(2001), this is due to two commonly made assumptions: (i) it is supposed that, where they have any

resources, refugees will mobilise and target these on overthrowing the regime they fled; and (ii) it is

assumed that once that aim has been achieved, most refugees will return to their country of origin.

In case they stay abroad, their potential transnational behaviours have been largely bypassed by

the literature, which focused on their capacity to integrate in the host country. On the contrary,

based on the study of two post-conflict cases (the Bosnians and the Eritreans), Al-Ali, Black, and

Koser (2001) argue that repatriation is limited and that refugees, just as labour migrants, can and

do engage in a wide range of transnational activities. A few other qualitative works emphasize

refugees’ political transnationalism. For instance, Basch, Glick Schiller, and Szanton Blanc (1994)

and Landolt, Autler, and Baires (1999) describe the political activities undertaken respectively by

1See in particular Byman et al. (2001) for an enlightening overview; Smith and Stares (2007) for a collection
of excellent case studies; Adamson (2006) for a discussion of the interactions between international migration and
national security; Koinova (2011) about the impact of diasporas on the radicalization of secessionist conflicts.
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the Haitians and Salvadoreans exiles in the US, the former in opposition to Duvalier at the end

of the 1950s and against the coup that deposed Aristide in the 1990s, the latter in favor of the

anti-government forces of the FMLN. Based on the case of Afghanistan, Harpviken (2008) argues

that forced migration contexts provide fertile ground for collective action of both a peaceful and

a violent nature. In the same perspective, Horst (2013) mobilizes diverse examples, from Algerian

refugees recruited for military purposes in Moroccan and Tunisian camps during the anti-colonial

war against France to Rwandan exiles in Uganda who helped to bring an end to the genocide, to

emphasize the importance of refugees’ political involvement in homeland politics in Africa.

While the qualitative literature emphasizes important roles played by abroad-living communities

on the evolution of violence in their homeland, in particular when war is ongoing at home, the

quantitative literature has remained so far quite silent on how migration can affect violence in

the origin country. Some recent (and mostly empirical) studies, however, show that migrants

can somehow shape institutions and politics in the sending country. For instance, Spilimbergo

(2009) provides evidence that foreign students have a positive impact on democracy at home,

and Docquier et al. (2016) emphasize a positive effect of emigration on institutional development

in the sending country. Consistent with these cross-country results, a few micro-oriented papers

document the impact of migration on political behaviours in the origin communities. In particular,

Batista and Vicente (2011) find that Cape-Verdean non-migrants living in more migration-intensive

localities exhibit higher demand for political accountability. Moreover, Pfutze (2012), Chauvet and

Mercier (2014) and Barsbai et al. (2016) show that migration intensity affects electoral outcomes

in the localities of origin, respectively in Mexico, Mali and Moldova. Yet, the economic literature

considering the impact of emigration on sending countries’ politics has overlooked violence as a

potentially relevant variable of interest.

On the other hand, the conflict literature tends to neglect the role played by diasporas. As

pointed out by Blattman and Miguel (2010), “an important limitation of the existing theoretical

work on armed conflict causes [is] its almost exclusive focus on the internal armed groups’ decision

of whether or not to fight”. In Mariani, Mercier, and Verdier (2018), we develop a theoretical

model to analyze the interactions between diasporas and violence at home. We show that, through
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both size effects and direct financial contributions sent to subsidize the involvement of their group

of origin in the conflict, diasporas can either turn to be peace-building or peace-wrecking actors,

and we derive predictions regarding the conditions which make a diaspora more likely to push

for peace. As far as empirical studies are concerned, the only quantitative analysis of the link

between migration and conflict has long been Collier and Hoeffler (2004), who highlight a positive

correlation between the proportion of migrants in the US and the probability of conflict in the

home country, suggesting that diasporas may be a risk factor in the re-ignition of wars. More

recently, Docquier, Ruyssen, and Schiff (2017) find that bilateral migration increases the likelihood

of interstate conflict. Consistently, focusing on refugees and based on bilateral panel data, Salehyan

(2008) find that refugee flows increase the likelihood of inter-state conflicts between receiving and

sending countries. Last, closely related to the question we ask here, Preotu (2016) documents the

link between emigration to developed countries and domestic conflicts in the countries of origin.

Adopting a country-level approach, Preotu (2016) gathers panel data for the 1985 – 2010 period and

runs within-country estimations over 5-year subperiods to document how the evolution of emigration

affects home violence. She finds a negative relationship between emigration intensity and conflict

incidence at home, which points to a peace-building impact of migrants. To our knowledge, these

are the only existing pieces of empirical evidence on the feedback effects of migration on violence

at home, and they open the route for further research in diverse directions. In particular, while

Preotu (2016) relies on country-level data, we argue that an intra-country approach is more suited

to understand the determinants of the dynamics of civil violence. We also differ from Preotu (2016)

by focusing specifically on refugees.

As underlined by Docquier and Machado (2015), refugee inflows might have specific effects as

compared to immigration in general, in particular because they usually exhibit brutal peaks when

labour migration flows are more stable over time, and because they may be composed of individuals

with specific characteristics as compared to average migrants. Thus, it is important to document

specifically the consequences of refugee arrivals.2 To our knowledge, to date no quantitative paper

2As far as economic consequences are concerned, a few papers have already undertaken this effort. A nice example
is provided by the analyses of the massive arrival of Cubans in Florida during the “Mariel boatlift” of 1980. Card
(1990) and Bodvarsson, Van den Berg, and Lewer (2008) both find that this inflow has generated benign overall
effects on native wages, with a negative effect due to greater labor supply being offset by a positive effect due to
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documents the effect of refugees on violence in the country of origin.

Closely related to this question, a few papers focus on violence at destination. In particular,

Couttenier et al. (2016) show that asylum-seekers who were exposed to civil conflicts during child-

hood are more prone to violent crimes once settled in Switzerland than their co-nationals born after

the conflict. The effect is mostly driven by violence toward same-nationality victims, which reflects

the persistence of intra-national grievances. Other works also focus on violence at destination, but

moving the perspective from developed receiving countries to neighbouring – mostly developing –

countries, which are by far the largest recipients of refugees. Based on country-level panel data,

Salehyan and Gleditsch (2006) underline the role of refugee flows in conflict diffusion across regions.

They find that the presence of refugees from neighboring countries increases the probability of vi-

olence at destination. The proposed mechanisms to explain this effect are the potential extension

of rebel social networks and transnational spread of arms, combatants, and conflict-prone ideolo-

gies which refugee flows might facilitate, and the fact that population movements alter the ethnic

composition of the society and can exacerbate economic competition at destination.

Here, we empirically question the relationship between refugee stocks abroad and violence in

the home country, adopting a disaggregated perspective. According to Horst (2013):

“Refugee diasporas often relate to homelands and nations that are contested, in the sense that there

is disagreement as to what or who is included in their definitions, and this often [...] affects the

nature of diaspora engagements. Yet, as Brinkerhoff (2011) suggests, “diasporans may identify with

a “homeland” that does not correspond to a country”.”

In particular, she refers to cases of secession wars, where the citizenship of refugees cannot be taken

as an indicator of the group to which they belong. Besides independence struggles, any civil conflict

is, by construction, opposing groups of people who cannot be distinguished based on their country of

origin. Our approach allows us to account for this dimension by running an empirical analysis at the

level of the groups involved in violence. To do so, we rely on the ethnic background of refugees. We

mobilize the EPR Ethnicity of Refugees data (Rüegger and Bohnet, 2015), which report bilateral

refugee stocks by origin, destination, year and ethnic group, between 1975 and 2009. For each origin

greater labor demand.
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– destination pair, these data thus provide a source of yearly intra-country variation in the intensity

of refugee migration, based on the ethnic group to which refugees belong. We associate these data

with measures of violence provided by the UCDP – GED database. The latter describes violent

events occurring between 1989 and 2010, documenting the type and intensity of violence, location

of the events, and names of the involved groups. It allows us to merge ethnicity-based insurgent

groups in the country of origin to abroad-living refugees with the same ethnic background.

The rest of the paper is organized as follows. The data and empirical approach are described in

Section 2, and the results are discussed in Section 3. In Section 4, we discuss some theoretical intu-

itions, which will motivate a future model, and help understanding our empirical results. Section 5

finally concludes.

2 Empirical approach

2.1 The data

Our empirical analysis is run at the level the ethnic groups. We associate the UCDP – GED

database, which lists violent events occurred between 1989 and 2010 and informs the names of the

insurgent groups which were involved, with the EPR Ethnicity of Refugees data (ER), which report

yearly bilateral refugee stocks in main destinations (mostly neighbouring countries) by ethnic group

between 1975 and 2009. The matching between the two is made possible by the ACD2EPR data,

which informs the ethnic attachment of UCDP conflict actors and allows us to identify ethnicity-

based insurgent groups. The ER and ACD2EPR are both part of the Ethnic Power Relations

dataset family, which ensures their compatibility (Cederman, Wimmer, and Min, 2010; Vogt et al.,

2015). In particular, they use the same definition of ethnicity.

The ER dataset covers all refugee groups in neighboring countries and countries in proximity

to each other (with a maximal distance between borders inferior to 950 kilometers) that consist

of at least 2,000 refugees. Although the very large majority of refugees do live in close countries

(and most of those who reach further away destinations transit through neighbouring countries)

and are thus in the data, it is important to note that our analysis relies exclusively on refugees
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in the neighbourhood, which makes us mostly unable to derive general conclusions on refugees

in developed countries. Last, up to the three largest ethnic groups of refugees are identified for

each origin – destination pair. Our analysis is thus also limited to ethnic groups which represent

a sufficiently large share of the refugees in each destination. Finally, given that we link groups of

refugees to local violence based on their ethnic attachment, our analysis bypasses all the violent

events which do not involve any ethnic dimension. On the other hand, one ethnic group – which

corresponds, each year, to one observation in the data – can be associated with multiple conflict

actors. The benchmark sample, described in Table 1, gathers 92 ethnic groups from 43 countries

over the 1989 – 2009 period. On average, about 14 violent events have involved these groups each

year, causing in total more than 105 casualties per year.

Table 1: Benchmark sample.

Country Ethnic group Destinations

Afghanistan

Hazara Islamic Rep. of Iran; Pakistan; Turkmenistan
Pashtuns India; Islamic Rep. of Iran; Pakistan; Tajikistan; Uzbekistan
Tajiks Islamic Rep. of Iran; Pakistan; Tajikistan; Uzbekistan
Turkmen Turkmenistan
Uzbeks Pakistan; Turkmenistan; Uzbekistan

Albania Albanians Germany
Algeria Arabs France

Angola

Bakongo Congo; Congo, DRC
Cabindan Mayombe Congo; Congo, DRC
Lunda-Chokwe Congo, DRC; Namibia; Zambia
Mbundu-Mestico South Africa; Zambia
Ovimbundu-Ovambo Namibia; South Africa

Armenia Russians Russian Federation
Azerbaijan Armenians Armenia; Russian Federation

Bosnia and Herzegovina
Croats Austria; Croatia; France; Germany; Switzerland; Turkey
Roma Serbia
Serbs Austria; Germany; Serbia; Switzerland; Turkey

Burundi
Hutu Congo, DRC; Rwanda; United Rep. of Tanzania; Zambia
Tutsi Congo, DRC; Zambia

Cambodia
Khmer Thailand
Vietnamese Vietnam

Central African Republic Yakoma Congo, DRC

Chad

Arabs Niger; Sudan
Hadjerai Cameroon
Tamas Cameroon
Toubou Cameroon; Niger; Nigeria
Zaghawa Cameroon; Nigeria; Sudan

China Tibetans India; Nepal
Colombia Indigenous peoples Brazil; Costa Rica; Ecuador; Panama; Venezuela
Congo Lari/Bakongo Congo, DRC; Gabon

Congo, DRC

Lari/Bakongo Congo
Lunda-Yeke Angola
Ngbandi Congo; Zambia
Tutsi-Banyamulenge Burundi; Rwanda; Zimbabwe

Côte d’Ivoire
Kru (Bete) Liberia; Mali
Northerners (Mande and Voltaic/Gur) Liberia; Mali
Southern Mande Guinea; Liberia; Mali

Croatia

Bosniaks Bosnia and Herzegovina
Croats Bosnia and Herzegovina; Italy
Italians Italy
Roma Serbia
Serbs Bosnia and Herzegovina; Serbia
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Table 2: Benchmark sample (continued).

Cuba
Blacks United States
Whites United States

Djibouti Afar Ethiopia

Eritrea
Afar Ethiopia; Yemen
Kunama Ethiopia

Ethiopia

Amhara Kenya; Yemen
Oroma Djibouti; Kenya; Yemen
Somali Djibouti; Somalia
Tigry Kenya; Sudan; Yemen

Georgia
Armenians Armenia
Georgians Armenia; Russian Federation; Ukraine

Guatemala Maya Belize; Mexico

Guinea-Bissau
Balanta Senegal
Peul Senegal

Haiti Haitians Dominican Rep.; United States
Hungary Hungarians Germany

Iraq
Kurds Islamic Rep. of Iran; Kuwait; Syrian Arab Rep.; Turkey
Shi’a Arabs Egypt; Islamic Rep. of Iran; Jordan; Kuwait; Lebanon; Saudi Arabia;

Syrian Arab Rep.
Sunni Arabs Egypt; Jordan; Kuwait; Lebanon; Saudi Arabia; Syrian Arab Rep.

Kyrgyzstan Russians Russian Federation

Lebanon
Druze Israel
Maronite Christians Israel

Liberia
Krahn (Guere) Cote d’Ivoire; Ghana; Sierra Leone
Mandingo Cote d’Ivoire; Ghana; Guinea; Sierra Leone

Mali
Moors Algeria; Burkina Faso; Mauritania; Niger
Tuaregs Algeria; Burkina Faso; Mauritania; Niger

Mauritania Wolof Senegal

Mozambique
Shona-Ndau Zimbabwe
Tsonga-Chopi South Africa; Swaziland

Myanmar Shan Thailand
Namibia Ovambo Angola; Zambia
Nicaragua Miskitos Costa Rica; Guatemala; Honduras
Niger Tuareg Algeria
Nigeria Fulani* Cameroon
Poland Poles Belgium; Germany; Sweden; Switzerland

Romania
Hungarians Hungary
Roma France; Germany
Romanians Hungary

Rwanda
Hutu Burundi; Congo, DRC; Kenya; Malawi; Uganda; United Rep. of Tan-

zania; Zambia
Tutsi Burundi; Congo, DRC; Kenya; Malawi; Zambia

Senegal
Diola Gambia; Guinea-Bissau
Mandingue Gambia; Guinea-Bissau
Wolof Gambia; Guinea-Bissau
Albanians Albania; Austria; France; Germany; Italy; Switzerland; TfYR Macedo-

nia
Croats Bosnia and Herzegovina; Croatia; Hungary; Switzerland

Serbia Hungarians Hungary
Roma Germany; Montenegro; TfYR Macedonia
Serbs Austria; Bosnia and Herzegovina; Germany; Hungary; Montenegro;

TfYR Macedonia

Sierra Leone
Creole Gambia
Mende Cote d’Ivoire; Gambia; Ghana; Guinea; Liberia
Temne Cote d’Ivoire; Gambia; Ghana; Guinea; Liberia

Slovenia Serbs Serbia
Somalia Somali Djibouti; Eritrea; Ethiopia; Kenya; Uganda; United Rep. of Tanzania;

Yemen

South Africa
Blacks Angola; Lesotho; Zambia
Swazi Swaziland

Sri Lanka Indian Tamils India

Sudan

Azande Central African Republic
Dinka Central African Republic; Congo, DRC; Egypt; Ethiopia; Kenya
Masalit Chad
Nuer Congo, DRC; Egypt; Ethiopia; Kenya
Other Southern groups Congo, DRC
Zaghawa Chad

Tajikistan
Kyrgyz Kyrgyzstan
Tajik Afghanistan; Kazakhstan; Kyrgyzstan; Turkmenistan; Uzbekistan

Turkey Kurds Greece; Iraq; Italy
Turkmenistan Russians Russian Federation

Uganda
Banyarwanda Rwanda
Far North-West Nile** Congo, DRC
Langi/Acholi Burundi; Kenya; Sudan; United Rep. of Tanzania

Uzbekistan Russians Russian Federation

*Hausa-Fulani & Muslim Middle Belt, **Kakwa, Lugbara, Alur
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2.2 Empirical strategy

We are interested in the link between the size of refugee groups and the intensity of violence in the

home country. Our first, naive specification is thus:

V iolencei,c,t = α+ βRefugeesi,c,t−1 + ηV iolencei,c,t−1 + δXi,t + µc,t + λi,c + εi,c,t (1)

with i denoting the ethnic group, c the origin country and t the year.

V iolencei,c,t measures the intensity of violence in which group i is involved in country c at

time t (to be more precise, the intensity of violence which involves insurgent groups of ethnic

background i). Our main results use the total number of events reported as indicator of violence

intensity, and we will additionally exploit the number of deaths for robustness check. We question

the heterogeneity of the correlation between refugees and violence in function of the nature of

violence, by distinguishing three categories of violence as permitted by the GED data. First, “one-

sided” violence corresponds to events perpetrated by an insurgent group against civilians. Second,

“state-based” events oppose an insurgent group and a representant of the State. Last, “non-state”

events correspond to violence between two insurgent groups.

Refugeesi,c,t−1 is the number of refugees from group i and country c at time t, across desti-

nations. As we are interested in the impact of refugees on violence, and given that contemporary

violence is likely to trigger new outflows of refugees, we focus on the lagged stocks of refugees to

(partially) mitigate the reverse causality issue. To account for the persistence in violence, we control

for the lagged dependent variable, V iolencei,c,t−1. Given the specific issues raised by dynamic panel

models, we will show that our results of interest are not affected by the removal of this explanatory

variable.

The level of disaggregation of the data allows us to control for a rich set of fixed effects. We

introduce year x country dummies µc,t, which allow to purge the estimates from country-level

trends. In addition, we control for time-invariant unobserved heterogeneity at the ethnic group

level, relying on the λi,c dummies. We index λ with both i and c here because some ethnic groups

are observed in more than one country of origin (see Table 1), and are then allocated one dummy
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for each origin country.

Last, we introduce a vector of group-level controls Xi,t, gathering the size and squared size of the

group in proportion of the origin country’s total population, and three dummies capturing the status

of the group in the political sphere at home. They respectively indicate whether the considered

ethnic group is politically dominant, sharing the political power or politically excluded, the omitted

category being the set of“non-politically relevant”ethnic groups. These control variables come from

the Ethnic Power Relations core dataset – which belongs to the same family of data as the ER and

ACD2EPR data, thus ensuring perfect compatibility.

Our first OLS specification exploits the richness and disaggregation level of the data to control

for as many observable and unobservable potential confounders as possible. However, there are

reasons to believe that potential sources of endogeneity could still threaten the estimates. In

particular, (i) although the variable of interest is lagged, the reverse causality at play in the refugees

– violence nexus might still bias the estimated coefficients, in particular due to persistence in the

time series, and (ii) although ethnic-group fixed effects and observable time-varying characteristics

are introduced, one could still think that time-varying unobserved characteristics of the ethnic

groups – for example, their economic success in the origin country – simultaneously affect their

propensity to get involved in violence at home and their propensity to send refugees abroad. This

would bias the OLS estimates.

To account for the risks of endogeneity, we implement an IV strategy. We exploit the bilateral

dimension of the refugee data to build an instrument which should be a good predictor of the

stock of refugees from group i and country c at time t − 1, without being correlated with violent

events in which group i is involved in country c at time t. This instrument exploit an exogenous

source of variation of the stocks of refugees based on the situation of other groups of refugees in

their destination countries. Specifically, we use the lagged stock of refugees from other countries

reaching the same destinations as group i, weighting each destination by its weight in the destination

portfolio of group i. The computation involves two steps: first, we calculate the weight that each

destination country d represents in the stock of refugees of group i from origin country c at time

t−2. Second, we calculate the weighted sum of the stocks of refugees from all other origin countries
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−c living in these destinations at time t− 2. This weighted sum is used to instrument our variable

of interest, Refugeesi,c,t−1:

Predicted Refugeesi,c,t−1 =
∑
d

Refugeesi,c,d,t−2
Refugeesi,c,t−2

Refugees−c,d,t−2 (2)

The rationale behind this instrument is to exploit the pull factors in refugee destination choices.

We argue that a country which already counts a larger number of refugees originating from other

countries is more likely to be chosen as destination by individuals from country c over the next

period. Indeed, information about this destination is likely to be more spread in any origin country,

while the hosting conditions are also likely to be better in terms of legal support, infrastructure

or accessibility. The weighting matrices allows to introduce an ethnic-group level dimension of

variability, as the pool of potential destinations varies from one ethnic group to the other in the

same country of origin. On the other hand, given that the level of disaggregation of the data allows

us to control for country-level trends, we cannot think of other channels than refugees from the

home country through which the weighted sum of refugees from different origin countries living in

the same destinations would affect violence at home.

In the standard fashion, our first stage then consists in regressing the stock of refugees from

group i, country c, at time t− 1, on the instrument variable PredRefugeesi,c,t−1 and on the set of

right-hand side variables introduced in Equation 1 (namely, the lagged violence V iolencei,c,t−1, the

group-level controls Xi,t, and the year x country and group dummies). We then plug the predicted

value of the stock of refugees from group i, country c, at time t− 1 in Equation 1.

3 The results

3.1 Benchmark specifications

The results of the estimation of Equation 1 in OLS and 2SLS are respectively displayed in Tables 3

and 4, focusing on the number of events as indicator of violence intensity. In each case, Column (1)

considers the total number of violent events, while Columns (2), (3) and (4) successively turn to

the number of one-sided, state-based and non-state events.
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The OLS results point to a non-significant coefficient of interest, regardless of the considered type

of violence. However, as discussed above, the potential sources of endogeneity in the relationship

between refugee stocks abroad and violence at home could bias the estimated results toward zero.

Indeed, the 2SLS results are very different.

Table 3: Benchmark specifications – OLS.

(1) (2) (3) (4)
Violent eventst One-sided eventst State-based eventst Non-state eventst

Dep.t−1 1.065*** 0.579*** 1.086*** 0.395***
(0.136) (0.0740) (0.137) (0.0450)

Refugeest−1 -2.56e-05 -3.63e-06 -2.27e-05 1.52e-07
(1.90e-05) (3.11e-06) (1.59e-05) (8.84e-07)

Dominant groupt -14.55 -0.630 -16.73 -1.933**
(15.97) (2.767) (14.57) (0.870)

Sharing groupt 13.18 2.501 8.044 -1.191
(8.671) (2.466) (6.472) (0.775)

Excluded groupt 15.01 5.106* 8.575 -1.645*
(9.053) (2.808) (6.420) (0.854)

Sizet -191.7 49.29 -144.7 -4.384
(454.3) (42.94) (386.9) (25.40)

Size2t 48.56 -35.29 25.38 4.540
(312.6) (32.13) (268.5) (18.41)

Observations 1,384 1,384 1,384 1,384
R-squared 0.865 0.646 0.869 0.749
Number of groups 112 112 112 112
Year x Country FE Yes Yes Yes Yes

Joint significance tests (p-val)
Dominant groupt,
Sharing groupt 0.2297 0.0253 0.3621 0.1310
and Excluded groupt

Sizet and Size2t 0.4385 0.3942 0.3988 0.7957
Dep.t−1 is the lagged dependent variable, i.e. the lagged number of events in Column (1), the lagged number of one-sided events
in Column (2), the lagged number of state-based events in Column (3) and the lagged number of non-state events in Column (4).
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

The first-stage results displayed in Table 4 are satisfying regarding both the correlation between

the instrument and instrument variable and the F-test. In Column (1), the relationship between

refugee intensity and violence at home is (weakly) negative. Turning to Columns (2), (3) and (4), it

appears that the estimated coefficient associated with refugees is significantly negative in the case

of one-sided violence, non-significantly negative in the case of state-based violence, and significantly

positive in the case of non-state violence.

Our benchmark results suggest the existence of an heterogeneity in the impact of refugees on

local violence, in particular opposing a negative effect when violence against citizens is concerned,
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Table 4: Benchmark specifications – 2SLS.

(1) (2) (3) (4)
Violent eventst One-sided eventst State-based eventst Non-state eventst

Dep.t−1 0.526*** 0.468*** 0.490*** 0.319***
(0.0750) (0.0363) (0.0909) (0.0527)

Refugeest−1 -8.54e-06* -7.32e-06*** -4.93e-06 4.86e-06**
(4.80e-06) (2.56e-06) (5.08e-06) (2.20e-06)

Dominant groupt -5.069 -0.971 -3.984 -1.011
(4.834) (1.861) (3.513) (0.682)

Sharing groupt -2.608 2.781 -5.733 -1.405*
(7.229) (1.864) (6.774) (0.758)

Excluded groupt 11.07** 4.964** 7.579** -1.986***
(4.893) (1.938) (3.692) (0.735)

Sizet 151.4 46.69 106.6 -4.279
(258.2) (31.69) (292.3) (7.949)

Size2t -237.1 -30.88 -211.4 2.235
(181.2) (23.25) (206.1) (5.443)

Observations 1,208 1,208 1,208 1,208
R-squared 0.813 0.605 0.826 0.783
Number of groups 93 93 93 93
Year x Country FE Yes Yes Yes Yes

First-stage results – Dependent = Refugeest−1

Predicted Refugeest−1 0.244*** 0.243*** 0.244*** 0.237***
(0.0722) (0.0721) (0.0722) (0.0705)

First-stage F-test 11.42 11.40 11.40 11.32

Second-stage joint significance tests (p-val)
Dominant groupt,
Sharing groupt 0.0000 0.0000 0.0003 0.0031
and Excluded groupt

Sizet and Size2t 0.0000 0.1792 0.0000 0.7506
Dep.t−1 is the lagged dependent variable, i.e. the lagged number of events in Column (1), the lagged number of one-sided events
in Column (2), the lagged number of state-based events in Column (3) and the lagged number of non-state events in Column (4).
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

versus a positive effect when violence between insurgent groups is concerned. On the other hand,

violence opposing insurgent groups with the State does not seem to be significantly affected by

abroad-living refugees.

The group-level control variables are poorly explanatory of violence intensity in the OLS speci-

fications (Table 3), the joint significance tests displayed at the bottom of the table being generally

non-significant, both regarding the group of dummies capturing the group’s political situation and

regarding the group’s size and squared size. The results of the 2SLS specifications provide bet-

ter insights on the relationships between these explanatory variables and violence intensity. In

particular, the joint significance tests displayed at the bottom of Table 4 suggest that, relatively
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to non-politically relevant groups, excluded groups tend to be more concerned by one-sided and

state-based violence, and both excluded and sharing groups tend to be less concerned by non-state

events. Moreover, there is an inverted-U shaped relationship between violence intensity and group

size: middle-sized ethnic groups seem to be those which are characterized by the most intense

violence. This relationship appears to be particularly driven by state-based violence.3

3.2 Robustness

In this section we investigate the sensitivity of our benchmark results to different specifications.

Equation 1 introduces the lagged intensity of violence as an explanatory variable in order to account

for the persistence of violence over time. While this leads to a demanding specification, given

the explanatory power of the lag, it also rises the standard econometric concerns associated with

dynamic panels. In order to make sure that this does not drive our benchmark results, Table 5

displays the same 2SLS estimations as Table 4, removing the lagged dependent variable from the

right-hand side. While the coefficient associated with refugees looses statistical significance in

Column (1), which considers the total number of violent events as outcome, it proves to be very

stable in the “one-sided” and “non-state” specifications. As expected, removing the lag of violence,

which is supposedly positively correlated with both the lag of refugees and the current intensity

of violence, negatively affects the size of the coefficient of interest. Yet, refugee stocks remain

strongly negatively associated with violence toward citizens and significantly positively associated

with violence between armed groups.

Second, we use the number of casualties instead of the number of events as proxy for violence

intensity.4 Table 6 displays the results and point to their consistency with our benchmark, the

coefficient associated with refugees being negatively (although less significantly) related to the

number of deaths in one-sided events (Column (2)) and positively related to the number of deaths

in non-state violent events (Column (4)).

Our third test investigates the robustness of the results to collapsing the data at the 3-year

3In what follows and for the sake of brevity, we do not display the estimated coefficients associated with the
control variables, which are roughly consistent with those obtained in these benchmark specifications.

4All deaths are taken into account, regardless of whether they concern rebel forces, state forces or civilians.
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Table 5: Specification test – 2SLS.

(1) (2) (3) (4)
Violent eventst One-sided eventst State-based eventst Non-state eventst

Refugeest−1 -4.01e-06 -9.43e-06*** -1.20e-06 6.62e-06**
(7.52e-06) (3.18e-06) (8.17e-06) (2.82e-06)

Observations 1,208 1,208 1,208 1,208
R-squared 0.722 0.484 0.752 0.757
Number of groups 93 93 93 93
Controls Yes Yes Yes Yes
Year x Country FE Yes Yes Yes Yes

First-stage results – Dependent = Refugeest−1

Predicted Refugeest−1 0.244*** 0.244*** 0.244*** 0.244***
(0.0722) (0.0722) (0.0722) (0.0722)

First-stage F-test 11.44 11.44 11.44 11.44
Controls refer to the vector Xi,t of control variables in Equation 1, which gathers the three dummies for dominant, sharing and
excluded groups, and the size and squared size of the group.
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table 6: Number of casualties – 2SLS.

(1) (2) (3) (4)
Deathst One-sided – Deathst State-based – Deathst Non-state – Deathst

Dep.t−1 0.151*** 0.0905*** 0.246** -0.128***
(0.0153) (0.0127) (0.0994) (0.0450)

Refugeest−1 -0.000311** -0.000292* -6.16e-05 2.29e-05**
(0.000133) (0.000162) (4.88e-05) (1.13e-05)

Observations 1,208 1,208 1,208 1,208
R-squared 0.530 0.516 0.760 0.726
Number of groups 93 93 93 93
Controls Yes Yes Yes Yes
Year x Country FE Yes Yes Yes Yes

First-stage results – Dependent = Refugeest−1

Predicted Refugeest−1 0.244*** 0.244*** 0.244*** 0.243***
(0.0723) (0.0723) (0.0723) (0.0713)

First-stage F-test 11.38 11.38 11.42 11.60
Dep.t−1 is the lagged dependent variable, i.e. the lagged number of casualties in Column (1), the lagged number of casualties in one-
sided events in Column (2), the lagged number of casualties in state-based events in Column (3) and the lagged number of casualties in
non-state events in Column (4).
Controls refer to the vector Xi,t of control variables in Equation 1, which gathers the three dummies for dominant, sharing and excluded
groups, and the size and squared size of the group.
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

period level. Arguably, both the violence and the refugee data suffer from measurement errors.

Moreover, it is likely that, if refugees affect local violence one way or another, this effect must take

some time. The latter point suggests to check whether the results remain when aggregating the

data across time periods, while such a reshuffling of the data is also likely to smooth the time series

and mitigate measurement errors. In this alternative specification, the dependent variable and
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control variables are averaged across three-year periods. In particular, the left-hand side variable

is the average number of events observed each year during period p, and the variable of interest is

the average number of refugees from group i and country c observed each year over period p.5 The

estimated equation becomes:

V iolencei,c,p = α+ βRefugeesi,c,p−1 + ηV iolencei,c,p−1 + δXi,p + µc,p + λi,c + εi,c,p (3)

with p indexing time periods. Table 7 displays the results. They are very consistent with

our benchmark. Last, Tables 8 and 9 in Appendix reiterate the same specifications, respectively

removing the lagged dependent variable from the right-hand side and considering the number of

casualties instead of the number of events as proxy for violence intensity in the three-year periods

setting. They both also point to a negative impact of refugees on one-sided violence and to a

positive impact on non-state violence.

Table 7: 3-year periods – 2SLS.

(1) (2) (3) (4)
Violent eventsp One-sided eventsp State-based eventsp Non-state eventsp

Dep.p−1 0.281*** 0.357*** 0.253*** -0.00594
(0.0569) (0.108) (0.0525) (0.0268)

Refugeesp−1 -2.93e-05* -3.04e-05*** -1.46e-05 1.72e-05*
(1.70e-05) (9.52e-06) (1.40e-05) (9.28e-06)

Observations 340 340 340 340
R-squared 0.162 0.079 0.179 -0.358
Number of groups 73 73 73 73
Controls Yes Yes Yes Yes
Period x Country FE Yes Yes Yes Yes

First-stage results – Dependent = Refugeesp−1

Predicted Refugeest−1 0.122*** 0.124*** 0.122*** 0.123***
(0.0345) (0.0342) (0.0346) (0.0346)

First-stage F-test 12.45 13.03 12.39 12.68
Dep.t−1 is the lagged dependent variable, i.e. the lagged number of events in Column (1), the lagged number of one-sided events
in Column (2), the lagged number of state-based events in Column (3) and the lagged number of non-state events in Column (4).
Controls refer to the vector Xi,t of control variables in Equation 1, which gathers the three dummies for dominant, sharing and
excluded groups, and the size and squared size of the group.
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

5The results prove to be very stable when the total number of events and/or the total stock of refugees observed
over each three-year period are considered. Not shown for brevity, available upon request.
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4 Discussion

The empirical results displayed in Section 3 point to an asymmetric relationship between refugees

and violence intensity in the homeland across violence types, suggesting that refugees inflate non-

state violence and slow down one-sided violence. Non-state and one-sided violence follow dif-

ferentiated mechanisms. Below we discuss preliminary arguments (which will motivate a future

theoretical model) helping to understand their differences and to rationalize the differential impact

that refugees may have on each of them.

Non-state violence corresponds to what one could call a “standard” conception of civil war,

opposing rebel groups gathering soldiers who use guns to fight in (more or less well-defined) battle-

fields. In this context, the necessary inputs for a group to be an actor of violence are guns (or, in a

broader sense, the physical capital used in fighting), soldiers (the human capital used in fighting),

and some technology of conflict (an organizational structure, an attack and/or defense strategy,

etc.). When violence takes place, it implies various costs. For the rebel group involved in violence,

the costs are of human and physical nature (rebels’ deaths and physical capital destruction). Some

physical capital damages may also affect civilians (regardless of the ethnic group they belong to),

if the battlefield takes place where they live. In the same vein, there may be civilian collateral

casualties. Finally, non-state violence generates an opportunity cost associated with the allocation

of rebels’ time toward fighting rather than producing.

This setting is close from the model we develop in Mariani, Mercier, and Verdier (2018), where

two groups contest a resource which can be consumed as a group-specific public good. Open conflict

requires labor, and involves the destruction of some of the resources of the economy. Within each

group, agents collectively decide on the optimal allocation of labor between soldiering and pro-

ductive activities. We then introduce a diaspora emanating from one of the two groups, allowing

migrants to provide funding to support the war effort of their group of origin. Given the character-

istics of the implied conflict equilibrium, the two groups of residents may choose to negotiate peace

if there exists a sharing rule that makes both of them better off than war. In this model, migrants

are assumed to derive utility from the access of their group of origin to the contested resource.

As such, they are interested in the conflict outcome, while residing overseas protects them from
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the direct destruction-costs generated by violence. This yields to the prediction that as son as the

diaspora reaches a certain size, a larger diaspora translates into a larger support of migrants to the

soldiering activity of their group, and makes migrants’ group of origin able to dedicate a higher

share of its labor force to the conflict. This general prediction is roughly consistent with the positive

link between refugee stocks and non-state violence intensity in the homeland observed here. Note

that in Mariani, Mercier, and Verdier (2018), the fact that diaspora members support their group’s

war effort does not mechanically imply an intensification of violence. Indeed, migrants’ support

also deters their rival group from going to war, which might push them to negotiate peace.

In this model we consider abroad-living communities as a whole. Refugees are specific. Given

that they flee their country over emergency and are often in situations of great impoverishment,

their capability to support their group of origin might be lower. On the other hand, as they typically

stay close from their origin location and interact with their fellow refugees on a regular basis (in

particular in the case of refugee camps at the borders), they are likely to be better connected to the

networks of their country of origin. Refugees are also probably less protected from the destruction-

cost of conflict in the homeland than other diaspora members, as they are likely to have vulnerable

family members and/or assets at home. This also might make them more interested in the outcome

of violence, while they are in addition more likely to be willing to return sooner.

The framework we develop in Mariani, Mercier, and Verdier (2018) yields general predictions

pointing to the fact that abroad-living group-members, while being interested in the conflict out-

come, do not directly bear its costs and, hence, support violence intensification in the frame of a

two-group open conflict. In a next step, accounting for the specificities of refugees in this theoretical

framework will allow us to derive more precise predictions to enlighten our empirical findings on

non-state violence.

One-sided violence follows a rather different logic. It corresponds to unilateral violence directed

toward citizens in an undifferentiated fashion. Acts of terrorism or genocides can be thought of

as examples of one-sided violence. As compared to non-state violence, one-sided violence typically

requires less inputs in terms of human and physical capital, as well as in terms of conflict technology.

Its opportunity cost in deflecting part of the labor force from producing to fighting is likely to
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be similar to (or lower than) that of non-state violence. On the other hand, and very different

from non-state violence, the direct costs of one-sided violence are mostly borne by civilians, in

terms of both human losses and physical destruction.6 As noted above, refugees are likely to

be poorly protected from the destruction-cost of conflict in the homeland as they typically have

vulnerable family or close network members and/or assets at home, and as they are likely to consider

returning soon. Intuitively, this probably makes them less likely to support one-sided violence which,

even if perpetrated by their group’s members, typically makes undifferentiated victims. Modelling

appropriately the mechanisms that drive one-sided violence will allow us to formally understand

the negative relationship between one-sided violence intensity and refugees which emerges from the

data and to derive comparative statics to be compared with those obtained in a more standard

two-group setting.

5 Conclusion
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6 Appendix

Table 8: 3-year periods – Specification test – 2SLS.

(1) (2) (3) (4)
Violent eventsp One-sided eventsp State-based eventsp Non-state eventsp

Refugeesp−1 -1.19e-06 -2.41e-05*** 5.71e-06 1.72e-05*
(1.54e-05) (5.68e-06) (1.62e-05) (9.24e-06)

Observations 341 341 341 341
R-squared 0.058 -0.002 0.061 -0.357
Number of groups 73 73 73 73
Controls Yes Yes Yes Yes
Period x Country FE Yes Yes Yes Yes

First-stage results – Dependent = Refugeesp−1

Predicted Refugeest−1 0.123*** 0.123*** 0.123*** 0.123***
(0.0344) (0.0344) (0.0344) (0.0344)

First-stage F-test 12.81 12.81 12.81 12.81
Controls refer to the vector Xi,t of control variables in Equation 1, which gathers the three dummies for dominant, sharing and
excluded groups, and the size and squared size of the group.
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.

Table 9: 3-year periods – Number of casualties – 2SLS.

(1) (2) (3) (4)
Violent eventsp One-sided eventsp State-based eventsp Non-state eventsp

Dep.p−1 0.0413 -0.00786 0.136* 0.158
(0.0459) (0.0451) (0.0793) (0.115)

Refugeesp−1 -0.000726*** -0.000524** -0.000303*** 5.68e-05**
(0.000273) (0.000250) (7.52e-05) (2.90e-05)

Observations 340 340 340 340
R-squared 0.122 0.133 0.060 -0.006
Number of groups 73 73 73 73
Controls Yes Yes Yes Yes
Period x Country FE Yes Yes Yes Yes

First-stage results – Dependent = Refugeest−1

Predicted Refugeest−1 0.123*** 0.123*** 0.123*** 0.123***
(0.0346) (0.0346) (0.0344) (0.0346)

First-stage F-test 12.71 12.71 12.83 12.74
Dep.t−1 is the lagged dependent variable, i.e. the lagged number of events in Column (1), the lagged number of one-sided events
in Column (2), the lagged number of state-based events in Column (3) and the lagged number of non-state events in Column (4).
Controls refer to the vector Xi,t of control variables in Equation 1, which gathers the three dummies for dominant, sharing and
excluded groups, and the size and squared size of the group.
Robust standard errors clustered at the ethnic group level in parentheses. *** p<0.01, ** p<0.05, * p<0.1.
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